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Algorithm 1 GE)##E & D < Fi&

Input: T, A, w,q
Output: Z
1: let D ={(¢,a)|3t € T ans(t) = (a, h')}

2: for all ¢t € T s.t. ans(¥)! = (¢, ¢) d
3: if accuracy-score(w, D) > q then
4: update ans of all ' € T s.t. ans(t’) = (¢, ¢), ans(t’) =
(predict(w,t'), w)
end if

let t' = query_strategy(t € T s.t. ans(t) == (¢, ¢))
let o/ + humanworker_result(t', A)

8:  update ans so that ans(t) = (a’,/ h')

9: end for
10: return {(¢1, ans(t1).result), (t2, ans(t2).result), ...}
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Algorithm 2 Observation-based Assignment (OBA)
Input: T, A, W,Cuy,,q

Output: Z

1: let D = {(¢t,a)|3t € T ans(t) = (a,‘h’)}

2: for all ¢t € T s.t. ans(t)! = (¢, ¢) do

3:  for all Ty, ; € C(D) do

4 if statistical,test(Twiyj,D,q) then

5 let a be the label for Tw, ;

6: update ans so that for all t' € T, ;, ans(t') = (@, w;)
7 end if

8 end for

9 let ! =t €T s.t. ans(t) == (¢, P)

10:  let @’ < humanworker_result(t’, A)

11:  update ans so that ans(t') = (a’,’ h’)

12: end for

13: return {(¢1, ans(t1).result), (t2, ans(t2).result),...}
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Algorithm 3 E 7)Y Ialb—Yay

Input: C,N,q,«
Output: is_acceptable
1: let success =0
2: let X|[c|[i] ~ Beta(l+cr,1+cn—cr)Vee C,1<i< N

3: for i in range(N) do
X [c][i]xc.si

4: let overall_accuracy = w
ceC c.s1ze

5: if overall_accuracy > q then

6: success+ =1

7 end if

8: end for

9:

let p_value = 1 — (success/N)

10: return p_value < «
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