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MR L, ZO¥EEID24 TV —a Y b 5 Federated
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BHLUE T2 (£4) .[15][16][17][18] TEMREINTWVWSEE
FLADOINKIZE LA TL—Ya Y HESEL, 438TRL
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1% 50,000 & L, 7—&ENIHEEETFE/ NI (32bit) & H
T2bD L. HBWRE LET—&ty FEEFLTIED
31D Federated Learning Di#{S &% Data Collaboration ®
1,000 fEAEREL BoZe., FENRETET—X Ly b YA
AMKEL 7512 L7255, Data Collaboration DiEE&EIZ
WZ 20, FhDL I Federated Learning Tldi#@Yl2€ 71
DT X =2 ZDPRITHERA TL— a YR KEL
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FETHBZLWVWZRS.



F—Xty b ETN ANEGH A X BTARTRA=ZE AT —>ari FL#f5& DC filfEa
imageNet AlexNet 224 x 224 60M 844K 405,000.0 GB 362.0 GB
imageNet VGG-16 256 x 256 138M 370K 808,000.0 GB 472.0 GB
imageNet  Noisy Student 224 x 224 9.2M 205K  15,000.0 GB 362.0 GB
CIFAR-10 NesT-T 32 x 32 6M 59K 708.0 GB 1.3 GB

£ 4 REWF—XEvy b2EFALTORMBSREILE [15] [16] [17] [18]
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