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Input: Py, ..
Output: Qy
1: compute ||q]|

2: Qrp+ 0

3: while |Qg| < k do

4: i < arandomly selected category

Pc, q, 7, and k

5: index < arg min ||p;||||all = 7
LpieP;
for each j € [1,0(logn)] do

6
7: Pa < random sample from {p1, - , Pindex }
8 if pa - q = 7 then

9 Qr + QrU{pa}

10: break

11: end if

12: end for

13: end while
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Netflix 480, 189 17,770 710 ~ 711
Movielens 162,541 59,047 51 ~ 15191
AmazonKindle | 1,406,890 | 430,530 17221 ~ 17222
AmazonMovie | 2,088,620 | 200,941 8037 ~ 8038
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