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(d) Case 4: 714 77 X — DRk & 21— DFREIZ DM
AHREENDHE.

3: t MHOR DD ik R B 2 BEMRIR.

£ 5 MRS R, > v AL (1) EEEETFRICON L
IBINRID B Z L " RT .

CSBAS-SRM | SBS | QSBPS|SBSTAR
Gini-MRR 0.197+ |0.217| 0.251 | 0.223
Case 1 —
Gini-# DD 0.309 0.309| 0.294 0.31
Gini-MRR 0.557 0.547| 0.569 | 0.542
Case 2
Gini-#% D LD 0.189t 0.262| 0.225 | 0.262
Gini-MRR 0.519 0.529| 0.576 | 0.522
Case 3 —
Gini-#%° D D £ 0.239 0.241] 0.254 | 0.239
Gini-MRR 0.657 0.667| 0.73 0.664
Case 4
Gini-#% D D 0.122 0.234| 0.124 | 0.232

AUTHHET 272D D R a7 BELSFiE (SRM) A2 ORNHR
% EHE$ %728, Ablation study %17 - 7. RIZEREKINER &
MRR %Z#Hli L7z, R 6IZRTED . case2-4 TIE SRM I &k -
THYIERD MRR b WE T 2 AP RSN, Hifm@E D 2a7H
B Ko TTHOHEENTFD LN T NS I BNEATE .

& 6: BIEHEE ¥ 2 a7 FEL DY) D 73 1 7M.

Case 1|Case 2| Case 3|Case 4
CSBAS-SRM | 76.0% | 34.3% | 31.2% | 18.5%
Success rate
w/o SRM | 76.0% | 32.1% | 29.3% | 15.2%
MER, CSBAS-SRM | 0.826 | 0.443 | 0.429 | 0.270
w/o SRM 0.826 | 0.427 | 0.412 | 0.238
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EGERTREBHIE 2 2 BRIIRS A L. £z, TRTOHFEI
BOWTIRRFENR D BN BIIE LR LU .
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