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GP-UNIT 0.995 0.993 0.971 0.981 0.974 0.967 0.982 0.977 0.980 0.952 0.952 0.980 0.977
REFIL 0.991 0.994 0.957 0.976 0.972 0.944 0.984 0.972 0.980 0.939 0.939 0.974 0.971
K2 5% :89
MUNIT 0.989 0.992 0.970 0.919 0.848 0.961 0.981 0.963 0.890 0.729 0.810 0.952 0.924
GP-UNIT 0.985 0.990 0.970 0.828 0.910 0.943 0.976 0.882 0.698 0.698 0.698 0.935 0.888
REFE 0.973 0.990 0.954 0.941 0.828 0.954 0.969 0.946 0.888 0.668 0.778 0.950 0911
KHIZF A 17,89
MUNIT 0.969 0.939 0914 0.874 0.836 0.937 0.972 0.844 0.794 0.715 0.784 0.920 0.879
GP-UNIT 0.976 0.984 0.880 0.924 0.924 0.852 0.976 0.762 0.861 0.866 0.829 0.930 0.900
REFIL 0.993 0.955 0.963 0.953 0.947 0.955 0.977 0.923 0.955 0.928 0.935 0.963 0.955
£2 RHZ 5 R X BT L ED ResNet50 % W72 HR S FEHDAE R
0 1 2 3 4 5 6 7 8 9 ENll BEHI T
K7 5219
MUNIT 0.985 0.989 0.956 0.956 0.965 0.954 0.970 0.968 0.976 0.920 0.920 0.968 0.963
GP-UNIT 0.994 0.983 0.972 0.991 0.948 0.968 0.985 0.980 0.993 0.924 0.924 0.979 0.973
REFiE 0.991 0.992 0.975 0.981 0.949 0.966 0.984 0.969 0.967 0.893 0.893 0.974 0.967
KE1Z Z % 189
MUNIT 0.981 0.987 0.948 0.880 0.793 0.936 0.976 0.967 0.797 0.634 0.716 0.933 0.890
GP-UNIT 0.993 0.989 0.945 0.941 0913 0.951 0.980 0.922 0.914 0.773 0.844 0.954 0.932
REFK 0.972 0.989 0.941 0.935 0.905 0.945 0.971 0.943 0.888 0.792 0.840 0.950 0.928
REZ 5% 1789
MUNIT 0.984 0.926 0.950 0.857 0.921 0.921 0.978 0.813 0.895 0.797 0.835 0.934 0.904
GP-UNIT 0.988 0.966 0.928 0.850 0.894 0.919 0.893 0.893 0.857 0.776 0.842 0.932 0.905
REFiE 0.992 0.963 0.966 0.927 0.829 0.928 0.976 0.900 0.925 0.767 0.864 0.940 0.917
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