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# 1: AUC IZBIT 2 HEED LLE.

k
tas face humanoid pose object vehicle character animal food weather | mean
model
EfficientNet 0.976 0.899 0.940 0.845 0.758 0.767 0.822 0.681 0.608 0.811
EfficientNet+ours 0.978 0.905 0.944 0.852 0.771 0.778 0.851 0.776  0.680 0.837
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% 2: attention branch (AB) & task-wise convolution (TC) @ AUC i25 % % %%,

AB TC‘ face humanoid pose

object vehicle character animal food

weather ‘ mean

0.976 0.899 0.940 0.845 0.758 0.767 0.822 0.681 0.608 | 0.811

v 0.976 0.901 0.940 0.847 0.762 0.772 0.831 0.722 0.634 | 0.821
v 10977 0.896 0.942 0.847 0.761 0.775 0.833 0.751 0.636 | 0.824

v o v 10978 0.905 0.944 0.852 0.771 0.778 0.851 0.776  0.680 | 0.837

£ 3 RRAI T REFIEGELOLE. (a) XA D
LIl & I, (b) HABEDAE X7 T IZh T RIS
¥E. (o) REFHEIC K D REIFHZYE.

‘ animal food weather ‘ mean
(a) | 0.864 0.796 0.687 0.783
(b) | 0.843 0.742 0.623 0.736
(c) | 0.861 0.779 0.664 0.768

% 4: Recommender @ AUC IZB1) 3 EHE.
‘ face humanoid pose
Shrink | 0.787 0.806 0.801
Expand | 0.908 0.878 0.700
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