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Algorithm 1 Algorithm
Require: W, N
Ensure: D

1: D+ 0

2: for w € W do

3: fort e [T] do
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x*eX

5 y+ < value from a respondent w.

6 Dy = Duw U{(zt,y1)}

7: Recalculate E[y*|x*, Dg)],V[yﬂx*, Dg)]

8

9

Recalculate rg)

end for
10: {rwlwew,{Mk}ren,] = arg min L
{rw} {pr}
11: end for
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